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AA = Aplastic Anemia
ABS_EOS

Absolute Eosinophil Count

ABS_LYM = Absolute Lymphocyte Count

ABS_MON = Absolute Monocyte Count

ABS_NEU = Absolute Neutrophil Count

AC = Actionability

ADE = Antibody-Dependent Enhancement

Al = Aurtificial Intelligence

ANOVA = Analysis of Variance

AUC = Area Under the Curve

CBC = Complete Blood Count

Ccal = Calibrated Concordance

CDSS = Clinical Decision Support System

Cinit = Initial Decision Concordance

CLIX-M _ Clini.cian-Informed XAI Evaluation Checklist with
Metrics

CO = Coherence

DBD = Demam Berdarah Dengue

DHF = Dengue Hemorrhagic Fever

DPJP = Dokter Penanggung Jawab Pelayanan

DR = Domain Relevance

DT = Decision Tree

EDA = Exploratory Data Analysis

EMR = Electronic Medical Record

ENN = Edited Nearest Neighbor

FCS = Fully Conditional Specification

FN = False Negatives

FKTP = Fasilitas Kesehatan Tingkat Pertama

FP = False Positives

GL = Generalized Logistic

GP = General Practitioner

HB = Hemoglobin

HCT = Hematokrit

HPR = Hemoglobin-to-Platelet Ratio

ICD = International Classification of Diseases

ICD-10 _ iril(t)irnational Classification of Diseases, 10th Revi-

IQR = Interquartile Range
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IRR
ITP
IWG
LASSO
LDA
LR
MCH
MCHC
MCV
MDS
MI
ML
MLR
MNAR
MPN
MPV
NLR
NR
PBS
PCT
PDW

PERHOMPEDIN

PLR
PLT
PRC
PV
RBC
RDW
RF
RFE
RME
ROC
RSA
RSS
Sdec
SHAP
SMOTE
SUS
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Interval Kepercayaan
Inter-Rater Reliability

Immune Thrombocytopenia
International Working Group
Least Absolute Shrinkage and Selection Operator
Linear Discriminant Analysis
Logistic Regression

Mean Corpuscular Hemoglobin
Mean Corpuscular Hemoglobin Concentration
Mean Corpuscular Volume
Myelodysplastic Syndromes
Mutual Information

Machine Learning
Monocyte-to-Lymphocyte Ratio
Missing Not At Random
Myeloproliferative Neoplasm
Mean Platelet Volume
Neutrophil-to-Lymphocyte Ratio
Narrative Reasoning

Peripheral Blood Smear
Plateletcrit

Platelet Distribution Width

Perhimpunan Hematologi Onkologi Medik Penyakit
Dalam Indonesia

Platelet-to-Lymphocyte Ratio
Platelet Count

Packed Red Cell

Polycythemia Vera

Red Blood Cell Count

Red Cell Distribution Width
Random Forest

Recursive Feature Elimination
Rekam Medis Elektronik
Receiver Operating Characteristic
Rumah Sakit Akademik

Residual Sum of Squares
Decision Stability

SHapley Additive exPlanations
Synthetic Minority Over-sampling Technique
System Usability Scale
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VM = Support Vector Machine
TC = Thrombocyte Concentrate
TE = Essential Thrombocythemia
TN = True Negatives
TP = True Positives
TR = Trombositosis Reaktif
UGM = Universitas Gadjah Mada
WBC = White Blood Cell Count
WHO = World Health Organization
XAl = Explainable Artificial Intelligence

XGBoost = Extreme Gradient Boosting



