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18-day latent period, the vector becomes infectious and transmits
CLas to healthy hosts. Symptoms typically manifest 6 to 12
months post-inoculation, while the pathogen multiplies within the
phloem (Bové, 2006; Canale et al., 2017). (B) Long-distance
spread: ClLas can also be dispersed over long distances via
grafting and the movement of asymptomatic infected plant
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