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FPA Flower Pollination Algorithm

FSA Feature Selection with Annealing

GAN Generative Adversarial Network

GPU Graphics Processing Unit

GRU Gated Recurrent Unit

HMA Hull Moving Average

HPO Hyperparameter Optimization
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THSET T Hang Seng Index

HSTPF Hybrid Stock Trends Prediction Framework

IDX Indonesia Stock Exchange

IHSG Indeks Harga Saham Gabungan

IMI Intraday Momentum Index

KAMA Kaufman's Adaptive Moving Average

KDJ KDJ line

KSEI PT Kustodian Sentral Efek Indonesia

LOB Limit Order Book

LSTM Long Short-Term Memory

MA Moving Average

MACD Moving Average Convergence/Divergence

MAE Mean Absolute Error

MAPE Mean Absolute Percentage Error

MFI Money Flow Index

MI Mass Index

MLP Multilayer Perceptron

MOM Momentum Indicator

mRMR Minimum Redundancy Maximum Relevance

MSE Mean Squared Error

OBV On Balance Volume

OHLCV Open High Low Close Volume

OSC Oscillator

PCA Principal Component Analysis

PI Probability of Improvement

PSAR Parabolic SAR

PSO Particle Swarm Optimization

RBFNN Radial Basis Function Neural Network

RFE Recursive Feature Elimination

RMSE Root Mean Squared Error

RNN Recurrent Neural Network

ROC Price Rate Of Change

RSI Relative Strength Index

RSV Reserve

S&P 500 The Standard and Poor's 500

SHAP SHapley Additive exPlanations

SID Single Investor Identification

SMA Simple Moving Average

SSA Singular Spectrum Analysis

STCD% Stochastic oscillator %D

STCK% Stochastic oscillator %K

SVM Support vector machines

SVR Support Vector Regression

TCN Temporal Convolutional Network

TEMA Triple Exponential Moving Average
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TCBO Teaching and Learning Based Optimization
TMFG Triangulated Maximally Filtered Graph
TPU Tensor Processing Unit
TR True Range
UCB Upper Confidence Bound
ULTOSC Ultimate Oscillator
VMAP Volume-Weighted Average Price
VMD Variational Mode Decomposition
WFCV Walk-Forward Cross-Validation
WILLR% Williams %R
WMA Weighted Moving Average
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