
DAFTAR PUSTAKA

[1] H. J. Kim, M. Lee, and S. W. Lee, “End-to-End Automatic Sleep Stage Classifica-
tion Using Spectral-Temporal Sleep Features,” Proceedings of the Annual Interna-
tional Conference of the IEEE Engineering in Medicine and Biology Society, EMBS,
vol. 2020-July, pp. 3452–3455, 2020.

[2] M. Vaezi and M. Nasri, “Application of Heuristic Feature Selection in EEG ba-
sed Sleep Stages Classification,” 6th Iranian Conference on Signal Processing and
Intelligent Systems, ICSPIS 2020, pp. 2–7, 2020.

[3] B. Karna, A. Sankari, and G. Tatikonda, in Sleep Disorder. StatPearls Publishing,
2023. [Online]. Available: https://www.ncbi.nlm.nih.gov/books/NBK560720/

[4] V. Clement-Carbonell, I. Portilla-Tamarit, M. Rubio-Aparicio, and J. J. Madrid-
Valero, “Sleep quality, mental and physical health: A differential relationship,” In-
ternational Journal of Environmental Research and Public Health, vol. 18, no. 2,
pp. 1–8, 2021.

[5] M. Walsh, “Sleep statistics 2024,” nov 2024. [Online]. Available: https:
//www.singlecare.com/blog/news/sleep-statistics/

[6] S. Oh, Y. S. Kweon, G. H. Shin, and S. W. Lee, “Association between Sleep Quality
and Deep Learning-Based Sleep Onset Latency Distribution Using an Electroence-
phalogram,” IEEE Transactions on Neural Systems and Rehabilitation Engineering,
vol. 32, pp. 1806–1816, 2024.

[7] S. Yu, P. Li, H. Lin, E. Rohani, G. Choi, B. Shao, and Q. Wang, “Support vector
machine based detection of drowsiness using minimum EEG features,” Proceedings
- SocialCom/PASSAT/BigData/EconCom/BioMedCom 2013, pp. 827–835, 2013.

[8] Y. Huh, R. Kim, J. H. Koo, Y. K. Kim, K. N. Lee, and M. Lee, “Automatic Sleep
Stage Classification Based on Deep Learning for Multi-channel Signals,” Interna-
tional Winter Conference on Brain-Computer Interface, BCI, pp. 1–4, 2024.

[9] Y. R. Tabar, K. B. Mikkelsen, M. L. Rank, M. C. Hemmsen, and
P. Kidmose, “Investigation of low dimensional feature spaces for automatic
sleep staging,” Computer Methods and Programs in Biomedicine, vol. 205, p.
106091, 2021. [Online]. Available: https://www.sciencedirect.com/science/article/
pii/S0169260721001668

[10] A. Khilnani and J. S. Kirar, “Multi domain feature fusion from a combination of
empirical wavelet transform and boruta feature selection for improved sleep stage
classification,” in 2024 IEEE Region 10 Symposium (TENSYMP), 2024, pp. 1–6.

[11] H. Kim and S. Choi, “Automatic Sleep Stage Classification Using EEG and EMG
Signal,” International Conference on Ubiquitous and Future Networks, ICUFN, vol.
2018-July, pp. 207–212, 2018.

[12] T. Chen, H. Huang, J. Pan, and Y. Li, “An EEG-based brain-computer interface for
automatic sleep stage classification,” Proceedings of the 13th IEEE Conference on
Industrial Electronics and Applications, ICIEA 2018, pp. 1988–1991, 2018.

97

Pengaruh Seleksi Fitur terhadap Support Vector Machine dan Random Forest dalam Klasifikasi
Tahapan
Tidur
ANA AENI NAJIB, Ir. Ridwan Wicaksono, S.T., M.Eng., Ph.D. ; Ir. AgusBejo, S.T., M.Eng., D.Eng., IPM.
Universitas Gadjah Mada, 2025 | Diunduh dari http://etd.repository.ugm.ac.id/

https://www.ncbi.nlm.nih.gov/books/NBK560720/
https://www.singlecare.com/blog/news/sleep-statistics/
https://www.singlecare.com/blog/news/sleep-statistics/
https://www.sciencedirect.com/science/article/pii/S0169260721001668
https://www.sciencedirect.com/science/article/pii/S0169260721001668


[13] S. K. Satapathy, S. Thakkar, A. Patel, D. Patel, and D. Patel, “An Effective EEG
Signal-Based Sleep Staging System using Machine Learning Techniques,” 2022
IEEE 6th Conference on Information and Communication Technology, CICT 2022,
pp. 1–6, 2022.

[14] S. Najdi, A. A. Gharbali, and J. M. Fonseca, “Feature ranking and rank aggregation
for automatic sleep stage classification: A comparative study,” BioMedical Engine-
ering Online, vol. 16, no. s1, pp. 57–75, 2017.

[15] W. Yu, D. Jiang, Y. Huang, and J. Lin, “Feature selection method for automatic
sleep staging based on genetic algorithm,” in 2021 17th International Conference
on Computational Intelligence and Security (CIS), 2021, pp. 11–15.

[16] M. Kartika Delimayanti, M. Laya, M. Reza Faisal, R. Fitri Naryanto, and K. Satou,
“The Effect of Feature Selection on Automatic Sleep Stage Classification Based on
Multichannel EEG Signals,” Proceedings - 2021 IEEE 5th International Conference
on Information Technology, Information Systems and Electrical Engineering: Ap-
plying Data Science and Artificial Intelligence Technologies for Global Challenges
During Pandemic Era, ICITISEE 2021, pp. 272–276, 2021.

[17] M. Ravan, “Machine Learning Approach to Measure Sleep Quality using EEG Sig-
nals,” 2019 IEEE Signal Processing in Medicine and Biology Symposium, SPMB
2019 - Proceedings, vol. 1, pp. 1–6, 2019.

[18] W. Yu, D. Jiang, Y. Huang, and J. Lin, “Feature Selection Method for Automatic
Sleep Staging based on Genetic Algorithm,” Proceedings - 2021 17th International
Conference on Computational Intelligence and Security, CIS 2021, pp. 11–15, 2021.

[19] A. Al-Nafjan, “Feature selection of EEG signals in neuromarketing,” PeerJ Com-
puter Science, vol. 8, 2022.

[20] S. K. Satapathy, B. Brahma, B. Panda, P. Barsocchi, and A. K. Bhoi, “Machine
learning-empowered sleep staging classification using multi-modality signals,”
BMC Medical Informatics and Decision Making, vol. 24, no. 1, pp. 1–29, 2024.
[Online]. Available: https://doi.org/10.1186/s12911-024-02522-2
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